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DIVETOURZ2
Lesson 1. Al and Machine Learning: the
fundamentals

Let's kick off the first part of our learning journey.

This Lesson will give you a solid understanding of the essential vocabulary and a
foundational understanding of the core principles behind Atrtificial Intelligence and Machine
Learning. Our goal today is to give you a clear, practical understanding of what Al and ML
are, how they work, and most importantly, how they're already impacting your daily life and
can transform the sector you are training to work in.
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By the end of this section, you'll be able to:

¢ Identify common Al applications in daily life, particularly within the tourism sector.

¢ Define the fundamental concepts and key terminology of Artificial Intelligence (Al)
and Machine Learning (ML).

¢ Understand the basic, step-by-step workflow of an ML project.

e Distinguish clearly between Al and ML and explain their basic relationship.

e Determine when human input is essential.



Topic 1.1. What is Atrtificial Intelligence?

In this section, we'll define what Al is and explore
its diverse capabilities. We'll also highlight common
Al applications you interact with every day, helping
make the concept of Al feel tangible and relevant for
you.

Defining Artificial Intelligence

Artificial Intelligence (Al) is a broad field of computer science that enables machines to
perform tasks that typically require human intelligence. These tasks are diverse, ranging
from complex problem-solving and continuous learning to making informed decisions,
understanding human language, and recognising intricate patterns. At its core, Al is about
developing complex computer programs built to process information and generate
responses based on the enormous datasets they are trained on.

e Pattern
In the context of Artificial Intelligence, a pattern refers to a discernible regularity or structure
observed in data. It can be as simple as a sequence of numbers or as complex as a
multifaceted relationship between various data points.



Thumbs-up and thumbs-down — Adobe Stock

What Al is not — Al isn't a thinking mind, a conscious robot, or anything like what you've
seen in science fiction films. It doesn't understand the world the way you do. It's a tool that
spots patterns in data and follows instructions very quickly. Impressive, but different from
human-like thinking. This also means Al is different from simple automation. Your alarm
going off at 7 am isn't Al; it follows a fixed rule you set. But a music app that learns which
songs you skip and starts building better playlists for you? That's Al, because it adapts to
your behaviour rather than following a rule that never changes.



Stop and check — Exercise 1: Al or not Al?

For each example below, decide: is this Al or simple
automation?

Choose Al or not Al in your answer.

At the end of the document, you can find the solutions and
the reasoning.

A vending machine that gives you a drink when you insert a coin.

A music app that creates a personalised playlist based on your listening habits.
A light that turns on automatically when it gets dark outside.

A chatbot that understands your question and gives a relevant answer.

A hotel door that opens when you swipe your key card.

Netflix suggesting a film you might like based on what you've watched before.

1.
2.
3.
4.
5.
6.

Chatbot — A chatbot is a computer program that simulates human conversation with an end user.
Not all chatbots are equipped with artificial intelligence (Al), but modern chatbots increasingly
use conversational Al techniques to understand user questions and automate responses to them.
Source: IBM



Application Examples

Al is deeply integrated into our daily lives, often operating in subtle ways that go
unnoticed. Let's look at some everyday examples, organised by the core Al capability they

demonstrate.

1. Complex problem-solving

Navigation Apps — Think about Google
Maps or Waze. When you enter a
destination, Al analyses real-time traffic,
accidents, and roadworks to calculate the
fastest route for you at that exact
moment. It's solving a complex problem,
just like an expert taxi driver would.

Fraud detection — In the financial sector,
Al algorithms continuously analyse
patterns in transactions. They can identify
unusual or potentially fraudulent activities
by detecting deviations from normal
spending habits, helping keep your
finances secure.

Smart home devices — Al-driven smart
home devices, including thermostats and
security cameras, learn your preferences
and routines. This enables them to
optimise energy usage, adjust lighting, or
enhance home security by detecting
unusual activity and sending alerts.

Algorithm — The word is derived from the name of the ninth-century Persian mathematician,
Muhammad ibn Musa al-Khwarizmi, who introduced decimal numbers to the West. Today, it
means a series of instructions that must be executed automatically by a computer. Algorithms are
at work in all areas, from search-engine queries and the selection of information suggested to
internet users, to financial markets. Source: "A Lexicon for Artificial Intelligence, UNESCO"



2. Continuous learning

Spam filters — Do you know the spam filter in your email? At first, it might make

mistakes, but every time you mark an email as "spam"”, Al learns and gets better at

recognising and blocking junk mail in the future. It doesn't need a programmer to

improve. It learns from experience.

e Spam
Spam, in the context of Computer Science, is defined as unsolicited, bulk messages
that can appear in various forms such as email, blogs, and wikis. These messages
typically consist of irrelevant content and advertisements, causing annoyance and
potentially overwhelming email systems, leading to clogged inboxes and slow
networks. Spam can also pose a security risk as it may contain malicious links that can
exploit systems or gather personal information. Spam got its name from a sketch that
appeared on the popular cult TV show Monty Python’s Flying Circus. Specifically, the
name was meant to reference a character in a sketch who didn’t like the meat spam
but kept getting offered more of it even though she said she didn’'t want it.

3. Making informed decisions

Recommendation systems — Platforms like Netflix, Amazon, and YouTube use Al
to suggest films, products, or videos tailored to your preferences. These systems
analyse your past viewing or purchasing history, along with broader user trends, to
surface content that is most likely to be relevant and engaging to you.

Hotel pricing systems — In the hospitality industry, Al helps hotels adjust room
prices based on demand patterns, seasonal trends, competitor rates, and upcoming
local events. When you see prices change from one day to the next on a booking
platform, that's often an Al-driven system making informed pricing decisions behind
the scenes.



Stop and check — Exercise 2: Match the capability

For each scenario, choose the Al capability it best
demonstrates.

e Complex problem-solving

e Continuous learning

e Making informed decisions

At the end of the document, you can find the solutions
and the reasoning.

1. A hotel's Al system notices that rooms sell out every year during a local festival and
automatically raises prices two weeks before the event.

2. Afood delivery app calculates the fastest route for a driver carrying three orders to
different addresses.

3. Your email app gets better at sorting newsletters into a separate folder the more
you move them there yourself.



4. Understanding human language

¢ Language translation — Tools like Google Translate show how Al facilitates
communication across languages. These systems learn from vast amounts of text
and speech data to translate between languages, improving their accuracy over

time.

¢ Virtual assistants — Virtual assistants like Siri, Alexa, and Google Assistant are
powered by Al. Every time you say "Hey Siri" or ask a question, you're talking to an
Al that understands your words and replies. The same goes for chatbots on

websites that ask, "Can | help you?"

5. Recognising intricate patterns

Photo filters — Social media
applications like Snapchat and
Instagram use Al — specifically
facial recognition and
augmented reality technologies
— to apply filters that alter your
appearance, add virtual
accessories, or create fun
effects in real-time photos and
videos.

Facial recognition — When
you use facial recognition to
unlock your phone, Al
recognises the unique pattern
of your facial features, even if
you're wearing glasses or have
grown a beard.

Voice recognition — Virtual
assistants also rely on pattern
recognition to function. When
you speak to them, Al identifies
patterns in your voice — your
accent, intonation, and speech
rhythm — to accurately interpret
what you're saying, even in
noisy environments.



The Lesson in a Nutshell 1.1.

Artificial Intelligence is about getting computers to do tasks that
normally require human thinking. These systems use data to
recognise patterns and make decisions quickly and accurately.
You meet Al every day: in recommendation systems, chatbots
that answer questions, navigation apps, voice assistants, and
dynamic pricing on booking platforms. In tourism, Al helps with
routine tasks such as adjusting room rates, handling common
guest enquiries through chatbots, and managing self-service
check-in kiosks.

What could this look like in my workday?

e Picture yourself at a hotel front desk. A guest comes in and heads to a self-check-in
kiosk. They type their name, the system finds their booking, checks their ID, and
issues a room key. Meanwhile, a chatbot on the hotel's app is answering another
guest's question about pool opening hours — something you've already seen in the
"understanding human language" examples above. You stand nearby to make sure
everything runs smoothly and to help when the situation calls for a human touch.

Why does this matter in my future job?

e Al tools are becoming part of everyday tourism businesses. Knowing how they work
gives you confidence to use them, explain them to guests, and recognise when a
human decision is needed. Rather than replacing people, Al frees staff to spend
more time on personal service, the kind of service that no algorithm can replicate.

Take a moment to reflect

e Think about the apps you use every day on your phone: for listening to music,
finding your way around, scrolling through social media, gaming, or studying. How
many of them use Al without you even noticing? Now try to imagine those same
capabilities in a work setting: how could they help you if you were working at a hotel
reception, in a travel agency, or at a tourism office? Which Al capability among
those you've just studied seems the most useful for your future job?

10



Topic 1.1. Quiz Solution exercise 1: Al or not Al?

Return to the quiz

Question 1

Not Al — This is simple automation following a fixed rule: if a coin is inserted and the
button is pressed, release the corresponding drink. The machine does the same
thing every time, regardless of who uses it, what time of day it is, or what they bought
before. It doesn't learn, adapt, or make decisions. A vending machine from 1970
works the same way as one installed today — the logic hasn't changed because
there's no learning involved.

Question 2

Al - The app analyses your behaviour — which songs you play, skip, repeat, save,
and how long you listen — and uses those patterns to predict what you'll enjoy next.
The playlist is different for every user and changes over time as the system learns
more about your preferences. This is the key distinction from automation: the
system adapts based on data rather than following a rule that never changes.

Question 3

Not Al — This is a sensor connected to a simple rule: if the light level drops below a
threshold, switch on. The system doesn't learn, doesn't adapt, and doesn't care who
is in the room or what happened yesterday. It responds identically to the same input
every single time. A more advanced version might adjust brightness based on time
of day, but even that is typically pre-programmed, not learned. Unless the system
starts adapting to your personal preferences over time (as some smart home
devices do), it is automation, not Al.

Question 4

Al - The chatbot processes natural language — your words, phrasing, and intent —
and generates a relevant response. This requires language understanding and
pattern recognition. If you ask: "Is breakfast included?" and then rephrase it as "Do |
need to pay extra for the morning meal?", a good chatbot recognises both
questions as the same intent, even though the words are completely different. That
ability to interpret meaning from varied language is what makes it Al rather than a
pre-scripted system that only responds to exact keyword matches.

Question 5

Not Al — The door follows a fixed rule: if the key card's code matches the lock's
authorised code, unlock. It doesn't matter who is holding the card, what time it is, or
how many times the guest has visited before. The system gives the same response
to the same input, every time, with no learning or adaptation. It's a straightforward
authentication mechanism.

Question 6

11



Al — Netflix analyses your viewing history — what you watched, how long you
watched it, what you rated highly, what you abandoned after a few minutes —
alongside the behaviour of millions of other users with similar patterns. It then
predicts which films or series you're most likely to enjoy next. The
recommendations are unique to you and change constantly as the system absorbs
new data about your behaviour.

12



Topic 1.1. Quiz Solution exercise 2: Match the capability

Return to the quiz

Question 1

Making informed decisions — Al analyses historical booking data, identifies a
recurring demand pattern (the festival), and makes a pricing decision based on that
analysis. It's not solving a complex logistical puzzle with multiple variables in real
time (that would be problem-solving), and it's not improving its own performance
through ongoing feedback (that would be continuous learning). It's using past data
to make a forward-looking business decision, adjusting prices based on predicted
demand. This is the same capability that powers recommendation systems:
analysing patterns in existing data to make an informed choice about what to do
next.

Question 2

Complex problem-solving — Al must consider multiple variables simultaneously:
three different destinations, current traffic conditions, road closures, one-way
streets, delivery time windows, and the order in which stops should be sequenced
to minimise total travel time. This is a classic optimisation problem: there are many
possible routes, and Al must calculate which combination is fastest at that exact
moment.

Question 3

Continuous learning — The defining feature here is improvement over time based
on your feedback. Every time you move a newsletter into the folder, you're giving Al
a new example to learn from. It gradually recognises the patterns that distinguish
newsletters from other emails — certain sender addresses, subject line formats,
content structures — and gets better at sorting them automatically. No programmer
updates the rules; the system learns from your repeated actions.

13



Topic 1.2. What is Machine Learning?

In this section, we'll dive into Machine Learning, a core
component of Al.

You'll learn how machines learn from data, similar to how
we learn from experience.

Machine — In the context of Artificial Intelligence, the word
"Machine" refers, in an abstract sense, to a
mathematical/computational model capable of learning from
data, namely mathematical algorithms, statistical models, and
software. It does not refer to a physical machine such as a
robot or a mechanical device. The term is inherited from the
history of computer science: Arthur Samuel, an IBM
researcher, coined the term "Machine Learning" in 1959, an
era when "machine" was simply a synonym for "computer”.

Defining Machine Learning

Machine Learning (ML) is a specific and powerful methodology within the broader
field of Artificial Intelligence. The fundamental idea behind ML is that it enables
computers to learn from data, adapt and improve through exposure to examples, making
them incredibly versatile for tackling a wide range of real-world challenges.

To illustrate this concept, consider the analogy of teaching a child to recognise different
animals. Instead of providing the child with a strict set of rules for identifying each animal,
you show them many examples of dogs, cats, birds, and so on. Over time, the child learns
to distinguish between them based on patterns observed in the examples.

Diverse types of dogs — Adobe Stock
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For a more ML-specific example, imagine you're teaching a computer to identify spam
emails. Instead of programming it with a rigid list of rules like "if email contains 'free
money' or 'urgent’, then it's spam", you would show it millions of emails, some marked
clearly as spam and others as legitimate.

Over time, the computer itself learns to detect the subtle patterns associated with spam,
such as certain combinations of words, unusual sender addresses, the frequency of
certain punctuation marks, or overly emotional and manipulative language.

Through this iterative process, the computer develops its own sophisticated "rules" or

models based on the data it has analysed, and learns to classify new, unseen emails with

a high degree of accuracy.

15



How machines learn: a simplified workflow

Developing an ML system follows a structured, step-by-step process. To make this
concrete, we'll walk through each step twice: first using a bakery example to build your
intuition and then using a hotel scenario to show how the same logic applies in a
hospitality setting.

Note: These steps form a cycle, not a straight line. Once a model is deployed and monitored
(Step 6), new data and shifting conditions often loop you back to earlier steps: collecting fresh
data, retraining the model, or even redefining the problem. Keep this iterative nature in mind as
you read through the workflow.

Step 1 — Problem definition

The initial and most critical step is identifying the specific problem that the machine needs
to solve or the prediction it needs to make.

The bakery example

Imagine you run a pastry shop in a
seaside town. Business is slow in
the winter, moderately busy in the
summer, and extremely busy in July
when cruise ships arrive. You want
to bake just the right number of
muffins and croissants each day to
avoid waste, but also not run out
during busy times. Your problem
is: predict how many muffins and
croissants we will sell each day.

The hotel example

You manage a 120-room coastal
hotel. Occupancy swings wildly
between seasons, and overstaffing
in quiet months wastes budget,
while understaffing during peak
periods frustrates guests.

Your problem is: predict how
many rooms will be occupied
each night over the next two
weeks so we can plan staffing
and supplies accordingly.

16



Step 2 — Data collection

Once the problem is defined, you gather the relevant information that will serve as raw
material for the model. Data can come from many sources: internal databases, websites,
Or Sensors.

The bakery example

e Over several months, you keep a simple daily logbook tracking sales (how many of
each item sold), date and day of the week, weather conditions, local events
(markets, school holidays), and any promotions running that day. This logbook
becomes the "food" for your future prediction system.

The hotel example

e You pull together data from the hotel's own systems and external sources: booking
records (dates, room types, number of guests, length of stay, cancellation rates),
seasonal and calendar data, local events such as festivals or cruise ship schedules,
online activity like website visits and search trends, and historical weather, since
sunny forecasts often correlate with last-minute weekend bookings.

17



Stop and check — Exercise 1: Define your own problem

Imagine you work at one of the following places. Pick one or choose one you prefer.

1. A cruise ship
2. A skiresort rental shop
3. A city tour company

A cruise ship — Adobe Stock A ski resort rental shop — Adobe Stock
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A city tour company — Adobe Stock

e Write the ML problem in one clear sentence following the pattern: "Predict
so that we can
List at least five types of data you would collect to solve this problem.
For each data type, explain in a few words why it would be useful.
Pair check: Swap your answers with a partner. Did they think of any data sources
you missed? Add them to your list.

19



Step 3 — Data processing and cleaning

Raw data is often messy, incomplete, or in an unsuitable format. This step involves
preparing the collected data for the machine: cleaning up inconsistencies, handling
missing information, and transforming it into a standardised format that the machine can
process effectively. You can think of this as organising and preparing ingredients before
cooking a meal.

The bakery example

You or a colleague takes the daily notes and organises them.

e Combining data — Putting all daily entries into one clean, structured table that the
machine can easily read.

e Standardising — Making sure dates are consistent; converting weather descriptions
into simple categories (e.g. "sunny" = 1; "cloudy" = 2; "rainy" = 3) or numerical
temperatures.

¢ Handling missing info — Estimating it or marking it as "missing" if a sales number
was accidentally skipped.

20



The hotel example

The hotel's data comes from multiple systems (the property management system, the
booking engine, or a spreadsheet of local events), and the system must account for
several interconnected variables: the season, local events, competitor rates, and recent
reviews. The process, however, is the same: the data needs to be combined,
standardised, and any missing information needs to be handled.

21



Stop and check — Exercise 2: Spot the mess

The table below is a sample of raw data from a small hotel's logbook. Find at least four
problems that would need fixing before this data could be used to train an ML model.

e List every problem you can find (hint: look at dates, missing values, duplicates,
formats, and consistency).
For each problem, describe how you would fix it.
Why does it matter? What could go wrong if you fed this messy data directly into an

ML model?

Discussion group: Compare your lists. Did anyone spot something the others missed?
Date Rooms sold Day Weather Event
15/03/2026 45 Sunday Sunny None
March 16 Monday Rain
17-03-2026 fifty Wednesday 18°C Local market

22



Date Rooms sold Day Weather Event
15/03/2026 45 Saturday Sunny none
19/03/2026 61 Thursday Raining Jazz festival

23



Step 4 — Model training

This is the core phase where the machine learns. The prepared data is fed into a
chosen algorithm. During this process, the model adjusts its internal parameters and
connections to identify patterns, relationships, and underlying structures within the data.
This is analogous to a student diligently studying for an exam, absorbing and internalising
information to build knowledge.

The bakery example

You use a simple ML tool and feed it your
cleaned data. The machine starts to spot
patterns: "On sunny Saturdays when
there's a local market, croissant sales jump
by 30%!" Or "On rainy Tuesdays, muffin
sales drop." It learns how each piece of
information — day, weather, event —
influences the number of items sold.

The hotel example

The ML tool analyses your merged dataset
and begins identifying patterns: "When a
cruise ship is scheduled, and it's a long
weekend, occupancy hits 95%." Or
"Bookings drop 20% in the second week of
November unless there's a local food

= festival." The model learns which
combination of factors best predicts nightly
occupancy.

Step 5 — Model evaluation

After the training phase, the model's performance is rigorously tested on new data. This
step assesses how well the model generalises to real-world scenarios and makes accurate
predictions on data it has not encountered before. It is akin to a student taking a test to
demonstrate what they have learned.

The bakery example

e You use the system to predict sales for new days and compare those
predictions to what sells. Did the model predict 50 croissants, and you sold 487
That's great! Did it predict 20, but you sold 807 That means it needs more
training data or a different approach.

24



The hotel example

¢ You test the model against a recent month it never saw during training. It
predicted 87 rooms occupied on a given Tuesday, and the actual figure was 84
— close enough to be useful. But it predicted 60 on a Saturday, and then a
surprise concert pushed the actual number to 95. This tells you the model needs
a way to account for last-minute events.

Step 6 — Model deployment and monitoring

Once the model achieves satisfactory performance, it is put into real-world use: a process
known as deployment. However, the work does not end there. The deployed model is
continuously monitored to ensure it maintains its performance over time and adapts to any
changes in the incoming data. This ongoing oversight is crucial for the long-term
effectiveness of any Al system.

The bakery example
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You start checking the model's prediction every morning before baking. However,
customer tastes can change, new competitors might open, or seasons shift. So you
continuously monitor the predictions. If they start being consistently off, you know you
need to feed the system more recent data, or perhaps retrain it, to keep it accurate and
useful.
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The hotel example

The front-desk and operations teams begin using the model's two-week forecast to plan
shift rotas and supplies. Over time, though, a new boutique hotel opens nearby and draws
away some of your weekend guests. The model's predictions start running consistently
high. This is the signal to retrain. Feed in the latest booking data so the model can account
for the new competitive landscape.

When things go wrong

The workflow above makes ML sound fairly smooth, but real-world projects often run into
problems. Being aware of these pitfalls will help you use ML-powered tools more critically.

Biased training data — If the data the model learns from doesn't represent reality
fairly, the model's predictions will reflect those gaps. For example, if your hotel's
historical data mostly covers summer months, the model may perform poorly during
winter because it simply hasn't seen enough examples of low-season patterns. In
more serious cases, biased data can lead to unfair outcomes, such as a hiring tool
that favours certain demographics because the training data reflected past
discrimination.

Overfitting — Sometimes a model learns the training data "too" well, memorising
specific quirks and noise rather than general patterns. An overfitted bakery model
might "remember" that sales spiked on one rainy Wednesday (because of a one-off
school trip) and wrongly predict a spike every rainy Wednesday. The model looks
accurate on old data but fails in new situations.

26



Blind trust in predictions — ML models are tools, not oracles. A demand forecast
might miss a factor it was never trained on: a sudden heatwave, a road closure, a
viral social media post about your hotel. Human judgement remains essential,
especially for unusual circumstances. The best approach is to treat ML predictions
as a well-informed starting point, not the final word.

27



The Lesson in a Nutshell 1.2.

Machine Learning is a branch of Al that discovers patterns in
data rather than relying on fixed rules. Instead of being told
exactly what to do, a machine learning system examines
many examples, identifies recurring patterns, and then makes
predictions on its own. A typical project follows a cycle: define
the problem, gather and prepare the data, train a model, test
its accuracy, deploy it, and monitor its performance, looping
back when conditions change.

What could this look like in my workday?

Many of the tools you’ll encounter in hospitality already rely on machine
learning. Revenue management systems collect booking data, seasonal trends,
and competitor rates, identify patterns in demand, and continuously update
pricing recommendations. Guest-facing chatbots are trained on thousands of
past enquiries and improve over time as they’re exposed to more conversations.
Demand forecasting tools predict occupancy, restaurant covers, or spa bookings
so that managers can plan staffing levels and stock orders. When you see a
suggested rate change or a chatbot handling a guest question, you’re looking at
the ML workflow in action.

Why does this matter in my future job?

Knowing the basics of how these tools work helps you trust their suggestions
with appropriate confidence, explain recommendations to guests or colleagues,
and recognise when the system’s predictions seem off and need human
intervention.

Take a moment to reflect

You've just followed every stage of a Machine Learning project. As you've seen,
everything starts from the first phase: identifying a real problem or need. Starting
from actual needs is the foundation of any effective project design, in ML just as
in problem-solving, design thinking, or project management. It's what ensures
the work is useful, relevant, and sustainable. Now think about a place where
you’d like to work: a hotel, a restaurant, a travel agency, a museum. What
concrete needs could ML tackle? How would you frame it? And at which stage
of the process do you think your own contribution would matter the most?

28



Conclusions

Throughout Lesson 1, you've journeyed from the broad concept of Artificial Intelligence
down to the practical steps of a Machine Learning workflow. You've seen that Al already
shapes everyday life: your navigation app calculates your route, your hotel's check-in
system suggests a room, and countless other tools work behind the scenes to make your
day easier.

By exploring ML, you've come to understand how one of Al's most important methods
works, enabling machines to improve through exposure to data rather than relying on fixed
rules. Walking through the ML workflow gave you insight into the structured, systematic
process behind these intelligent systems.

What's next?

In Lesson 2, we'll turn to Generative Al (GenAl), a branch of Al that generates content.
Think of tools that can draft an email for a guest, generate a personalised travel itinerary,
or produce marketing images for a hotel campaign. You'll explore how GenAl works and
how it's already reshaping the way hospitality professionals work.

29



Lesson 1 Al — Test Your Knowledge

Welcome to the Quiz

This quiz is designed to help you review and consolidate the key concepts covered in this
lesson. By completing it, you will earn points that reflect your progress. In addition,
finishing the quiz will also bring you closer to unlocking the badge for the course.

Good luck and enjoy the challenge!

1. Which example shows Artificial Intelligence in action?

An LED lighting system that automatically switches off when the room is empty.
A self-check-in kiosk that assigns the best room based on the analysis of
previous customers' preferences.

The automatic update of cocktail prices on the bar's digital menu.
High-definition video surveillance that records staff movements.

2. What distinguishes Artificial Intelligence from other digital tools used in
tourism?

Al can analyse data and learn patterns to make decisions or offer suggestions.
Al can store and retrieve large amounts of data quickly.

Al can automate repetitive tasks using predefined rules.

Al can only run on very powerful and expensive cloud systems.

3. A travel agency starts using an Al system that automatically suggests
destinations to clients based on previous bookings. What should the staff do
to use this system responsibly?

Rely completely on Al's suggestions, because its algorithm is always more
efficient than human intuition.

Present the system's suggestions as if they were personal recommendations
from the staff.

Avoid using the system at all to prevent mistakes.

Review the suggestions to make sure they match each client’'s needs and are
accurate.

4. Which pieces of information would help a machine learning model predict
how many rooms will be booked next weekend? (Select all relevant options)

Past booking data for similar dates

The weather forecast for that weekend

The average age of guests who stayed the previous month
Details of major local events happening that weekend

5. Put these steps of a machine learning project in the correct order:

30



e Define the problem

e Evaluate the results

e Clean and organise the data
e Collect data

e Train the model

e Use and monitor the system

. A Machine Learning system suggests a quiet room for a guest based on past
patterns, but the guest prefers a room near the pool. What should the
receptionist do? (Select all relevant options)

e Offer the guest the room near the pool, prioritising their explicit request.

e Temporarily switch off the Al to prevent the system from making other
'mistakes’.

e Update the guest's profile to record the new preference (near the pool) for
future stays.

e Explain to the guest that the automatic assignment cannot be changed.

¢ Note the change (room near the pool) in the system log to help the Al learn from
the exceptions.

. Choose the correct word to fill the blank field.

Machine learning systems help staff by making about future demand
based on past data.

e calculations
e suggestions
e predictions

. Al tools can support tourism workers by helping with tasks such as
translation or bookings, but people are still responsible for final decisions
and service quality.

e True
e False

. Why is it useful for tourism professionals to understand Al and Machine
Learning? (Select all relevant options)

e To choose the right tool for each task and use it effectively

e To critically evaluate the results produced by these tools and recognise possible
errors

e To avoid the need for ongoing training and professional development

e To confidently work with new digital tools and services that integrate Al.
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e To program Al tools from scratch within the company

10.Which statement describes a real limitation of Al in the tourism sector?

e Al has difficulty interpreting complex human emotions, irony, or cultural context
in communication with the guest.

e Alis not efficient at recognising fraud or suspicious activity.
e Al can never make decisions without human intervention, even for routine tasks.

e Al can only function if it has very recent data and cannot learn from historical
data.
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